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1 Visualization Results

1.1 Prototype Hierarchy

We show more visualizations for the hierarchy structure of the training prototypes in Figure.[I]
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Figure 1: Visualization of the hierarchy structure of subgraphs from the training class prototypes
transformed by t-SNE.

1.2 Prototypes Before and After Propagation

We show more visualization examples for the comparison of the prototypes learned before (Prototypi-
cal Networks) and after propagation (GPN) in Figure.
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Figure 2: Prototypes before and after GPN propagation on fieredlmageNet-Close by random sampling
for 5-way-1-shot few-shot learning. The prototypes in top row equal to the ones achieved by
prototypical network. Different tasks are marked by a different shape (o/x/A\), and classes shared by
different tasks are highlighted by non-grey colors. It shows that GPN is capable to map the prototypes
of the same class in different tasks to the same region. Comparing to the result of prototypical

network, GPN is more powerful in relating different tasks.
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